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Intelligent Face and Behavior Recognition System

Hung-Shiun Shen, Po-Sen Tsou, Shih-Hsun Huang, Xin-Wen Ke , Ming-Chiao Chen*

Abstract

In recent years, the rapid development of artificial intelligence and cloud computing has
been a key driver of efficiency and innovation across various industries. Intelligent facial and
behavior recognition systems have seen widespread applications in areas such as surveillance,
health management, and automation. This paper presents the implementation of an intelligent
facial and behavior recognition system designed to effectively manage personnel access and
behavior records. The system integrates object detection using the YOLO model, skeleton
recognition vis MediaPipe, and facial recognition services provided by AWS Cloud, forming
a multi-level behavior recognition system. Through MediaPipe, the system accurately
captures skeletal information and calculates specific angles to analyze behavior patterns.
Meanwhile, AWS facial recognition ensures precise identification of laboratory personnel,
streamlining access control and record-keeping. By integrating these technologies, the
system enables highly automated behavior analysis in a simple, practical, and scalable
manner. Additionally, it features an intuitive web-based front-end that displays processed
videos and statistical charts, providing a comprehensive analysis of personnel activities and
behaviors. This interface enables users to efficiently review laboratory activities, further

enhancing management effectiveness and security.
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